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Evaluation of Approximators on the Benchmark
"How does my language model predict a positive sentiment?”

Approximators

SV  —e— KernelSHAP k-add. KernelSHAP —e— Permutation Sampling —e— Unbiased Kernel[SHAP —e— SVARM Owen Sampling —e— Stratified Sampling
Sentiment Analysis Model Explanation k—SIl  —e— KernelSHAP-IQ Inc. KernelSHAP-IQ —e— Permutation Sampling —e— SHAP-IQ —e— SVARM-IQ
"It is , bal SV: AC Unc. Exp. 2-Sll: IC Loc. Exp. 3-SII: AC Dat. Val.
IS a gruesome canniodi 10-3 (config. 4, 30 games) lo0-2 (config. 1, 30 games) 1o-1 (config. 1, 10 games)
’ i1 o o 3 = e = 1 e
Movie. Sat is not bag, V.V (3 tEYoruesomefeiil 1o} - BButhlisinodbad®iilikefHannibalfyou'llflovefthis} 3 N ! S
If vou like Hannibal, you'll 1041 & 1 e\, 10724 * oo,
] .\. 10 3 3 \ ."".. 1 e 05 %o
love this." A N | o e o] e ~0meq.
107> 1 A\ e, | "®-esq.,. 18 S emee,, commee . | T ] N % Ne-e
2.448 10 N g 00, % =~0=0=0-9=g-g. —4 0 0-0-0-0-0-0-0-0-0-v-9-2=010 =8 1 0 TTeeg  TTe.,

w 1 NN 0%, *"*~e-0-¢ o= = | w 10774 \_ “e. w1\ Neel e~
sentiment L o] e e, etmemee | O N o, Q1074 L ey, \)
+0.916 SHAP-1Q: Tt i 2 S{NONWE canfiibal FGWEE. (1 i¢F MY (BN If you [NE [SEALEY, {7001 [E TiF. S B N o] S IR A 3

: : °20~e3838-0-0-0 \ 7 N 1075 ; Ne.
-7 L e "Neae Ny -0, ] RN . |1 %teee,
neg. pos. 1o o0 : e, 6] I

; g \ Lo-6 ] %\ \ 108y e

1078 ; % oy, | N
j E H ; | : ] : : : .*T " 10_? 1 I I r \? ~
BenCh ma rk Of 1 1 I\/l L 0 4096 8192 12288 16384 0 16384 32768 49152 65536 0 8192 16384 24576 32768
(25%) (50%) (75%) (100%) (25%) (50%) (75%) (100%) (25%) (50%) (75%) (100%)
Model Evaluations (relative to 2") Model Evaluations (relative to 219) Model Evaluations (relative to 2")

Exp. Exp. Sel Val. Val. Sel. Exp. Fl Ep SOUM

domains (e.g., explanation,
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